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Critique #1. No, markets are not inelastic.

• Ross (1987): “Demand curves are perfectly elastic because… financial markets are filled 

with assets which are very close substitutes for one another.”

Critique #2. It’s improper to think about stocks using the demand system.

• Cross-asset complementarities: Fuchs, Fukuda, and Neuhann (2025, 2026)

• Dynamic price persistence: van Binsbergen, David, and Opp (2026)

This Paper: A very powerful response to Critique #1
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Recap

Question: How large are price impacts in equity markets?

Methodology: Model-free bound from log-linear demand + market clearing

• Observable moments: (1) return volatility and (2) portfolio turnover

• Semi-observable moment: (3) Investor agreement (analyst forecast dispersion)

Main Findings

• Price impact bound ≈ 0.75–1.25 for average U.S. stocks

• Validated via S&P 500 inclusions and mutual fund flow-induced trading

• Price impact declines with horizon but rises with aggregation level

Elegant theoretical contribution connecting quantities to prices

• A very useful response to growing debate re: inelastic markets hypothesis

Plan for Discussion

1. Usefulness of Bounds for Asset Pricing

2. Naming and Measuring ρ



Comment 1. Usefulness of Bounds for Asset Pricing



Bounds in Asset Pricing



Bounds in Asset Pricing

Hansen-Jagannathan Bound on SDF Variance

Sharpe Ratio ≤ 𝜎(𝑚)/𝐸[𝑚] 

• Useful: Characterizes the admissible set of SDFs consistent with observed asset return, 

without having to specify a particular model

• Impact: Reframed the equity premium puzzle in SDF language



Bounds in Asset Pricing

Hansen-Jagannathan Bound on SDF Variance

Sharpe Ratio ≤ 𝜎(𝑚)/𝐸[𝑚] 

• Useful: Characterizes the admissible set of SDFs consistent with observed asset return, 

without having to specify a particular model

• Impact: Reframed the equity premium puzzle in SDF language

Shiller Bound on Stock Price Variance 

Stock price volatility ≤ Volatility of PV(realized future dividends)

• Useful: Clean evidence that stock prices are excessively volatile relative to fundamentals

• Impact: Launched the excess volatility literature and early empirical grounding for time-

varying discount rates and cash flow expectations (i.e. behavioral finance)



Bounds in Asset Pricing

Hansen-Jagannathan Bound on SDF Variance

Sharpe Ratio ≤ 𝜎(𝑚)/𝐸[𝑚] 

• Useful: Characterizes the admissible set of SDFs consistent with observed asset return, 

without having to specify a particular model

• Impact: Reframed the equity premium puzzle in SDF language

Shiller Bound on Stock Price Variance 

Stock price volatility ≤ Volatility of PV(realized future dividends)

• Useful: Clean evidence that stock prices are excessively volatile relative to fundamentals

• Impact: Launched the excess volatility literature and early empirical grounding for time-

varying discount rates and cash flow expectations (i.e. behavioral finance)

Martin Bound on the Equity Premium

Equity Premium ≥ Risk-neutral variance of the market return

• Useful: Provides a lower bound that’s directly observable from option prices in real time

• Impact: Large literature on using option-implied moments to measure risk premia
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• Estimating price impact generally requires plausibly exogenous demand shifts, which 

are scarce outside of event studies

• Authors’ bound bypasses this by using only unconditional moments

2. Easy to Compute

• Three inputs: return volatility, portfolio turnover, investor agreement* 

• Approximation just requires two inputs and correlates well with the full bound

• Can be applied period-by-period, across horizons, and at any aggregation level without 

re-estimation

3. Uncovers Interesting Economics

• Investor agreement and price impact are jointly constrained by observables

• They cannot be set independently in a model

• Elastic markets require near-perfect investor homogeneity, which is implausible

• High price volatility and low portfolio turnover are not separate empirical facts
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From the expression for the bound:

Authors obtain the lower bound for individual stocks using analyst forecast dispersion:

As well as an approximate version that sets 𝜌 close to 0.5:

But recall that there is other stuff between actual price impact and the bound:

Killed by Assumption 1
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Given how easy it is to compute bounds, it’s tempting to use it as the point estimate.

• e.g. Knox and Vissing-Jorgensen (2024) at NBER SI 2025 and accompanying 

discussion by Alan Moreira

The gap between the actual price impact and the bound is dispersion in investor-level 

elasticities, adjusted for how elastic investors’ demand shifts covary with the aggregate.

• Intuition: When investors have different elasticities, this generates additional flow 

volatility than what disagreement alone produces, which makes the market look more 

elastic than it is.

To compare the bounds across different settings, we need to keep this gap constant.

• Over time

• Different horizons

• Different types of stocks

• Different levels of aggregation

Question 1: Are these results capturing variation in bound tightness or variation in 𝑀?

Suggestion 1. Measure elasticity dispersion across stocks, horizons, and aggregation

• Are the settings where ෩𝑀 is highest also settings where the gap is the widest?
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What is 𝜌?

How much of the “average investor’s volatility” is coming from the common component

• Denominator: how volatile is a typical investor's demand shift?

• Numerator: how volatile is the average demand shift?

Two potential issues for the authors:

1. What should we call this object?

• “Let’s call it investor (dis)agreement.”

• Drawback: Probably captures something broader than belief disagreement

2. How should we measure this object?

• “Analyst forecast dispersion from I/B/E/S”

• Drawback: Analysts != Investors

• “Stock-level 𝜌 implied by the KY framework”

• Drawback: Demand curves may be mis-specified
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Risk Aversion (Chan and Kogan, 2002; Gârleanu and Panageas 2015)

• Investors agree on expected returns but respond differently because of heterogeneous 

preferences

Mandates / Constraints (Chien, Cole, and Lustig, 2012; Koijen and Yogo, 2019)

• An index fund and a hedge fund may agree on a stock's prospects but trade differently 

because of tracking error constraints

Limited Participation (Mankiw and Zeldes, 1989; Vissing-Jorgensen, 2002)

• Some investors don't hold the risky asset at all, so non-participants have 𝑢𝑖t = 0 while 

participants have active demand shifts

Heterogeneous Income Risk (Constantinides and Duffie, 1996; Heaton and Lucas, 2000)

• Investors face idiosyncratic uninsurable income shocks that force portfolio adjustments 

unrelated to views about the stock

⋮
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Naming and Measuring 𝜌

Key Tension: The paper’s theory is about all sources of demand shift heterogeneity, but 

the measurement only captures one. 

Suggestion 2a. Rename 𝜌 to be “commonality” rather than “agreement”

• A more neutral name would make transparent that 𝜌 bundles together beliefs, 

preferences, and constraints

• “(Dis)agreement” is a loaded word in asset pricing

Once we acknowledge that 𝜌 captures other sources of demand shifts, then it’s not clear 

that analyst forecasts are the most reasonable candidate for measuring 𝜌.

Suggestion 2b. Use demand system residuals as the baseline measure

• Much closer to the true definition of 𝜌

• Analyst expectations are potentially problematic because (1) analysts != investors, and 

(2) disagreement != heterogeneity

In the end, the paper’s main message should not depend on specific values of 𝜌.
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Final Thoughts

• A clean, portable bound on price impact from two observable moments and one semi-

observable parameter

• Punchline: Price impact and investor agreement cannot both be small. This trade-off 

disciplines the range of plausible multipliers, especially where event studies are scarce.

• A few suggestions for future iterations:

• Clarification regarding bounds vs. point estimates in cross-sectional comparisons

• Renaming 𝜌 and changing the baseline empirical measure

• A few questions prompted by the paper for the future:

• How many of the leading heterogeneous agent asset pricing models survive this 

price impact bound? (Probably not many, see Gabaix et al. (2025))

• What are some other “bounds” that can be constructed for other debates?

• Aggregate amount of mutual fund manager skill using covariance of fund 

flows with subsequent returns?

• Price informativeness using the ratio of active trading volume to total 

volume and return autocorrelation?

• Good luck with the revision!
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